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Is Human Nature Computable?
On the Relationship between Artificial Intelligence

and Social Science Research

Hu Anning

Abstract: Along with the prevalence of big data and machine learning techniques, quantitative social science
research gradually starts to use the new methods of artificial intelligence and machine learning to handle
themes that were ignored or simply infeasible to study. Relative to the interpretation-oriented approach,
quantitative research using algorithms in the fields of artificial intelligence and machine learning sets focus on
prediction. Against this background, it is of academic urgency to examine the relationship between artificial
intelligence methods and social science research. There are generally three pathways to address this question:
First, based on the literature on quantitative research, we compare the traditional statistical modeling and
the emerging algorithm-based modeling, so as to illustrate the paradigm contrast between interpretation and
prediction. Second, from the perspective of computational science, we discuss over the potential limitations of
artificial intelligence methods, pointing out its dilemma in handling non-patternized problems. Furthermore,
we articulate that methods based on artificial intelligence lack the capacity of abstract thinking. Also, they are
often applied separately, rendering the whole process to be short of systematic thinking. Third, we return to
the classic dichotomy of sacred versus secular, and evaluate the predictive research from the perspective of
social science theory. In particular, the principle of secular life is rationality, which results in the prevalence of
instrumental rationality in the Weberian sense. For this type of rationality, we believe it is predictable based
on computation. Compared with the secular sphere, the sacred sphere concerns supernatural, permanent,
and perfect existences. Clearly, they cannot be gauged in a rational way, and in a sense, they can only be
understood through personal experience. In this regard, we argue that artificial intelligence techniques cannot
simulate sacred feelings. Only through the vivid human life can we understand and experience, reaching the
status of inter-subjectivity, which is exactly one of the most important tasks for social science. Hence, artificial
intelligence and prediction-based methods are applicable to the secular instead of sacred sphere. Simulation
of human rationality and program design cannot direct us toward the supernatural sacred values. In summary,
social scientist should be open to the new techniques, but at the same time keep cautious about the future

application.
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